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Abstract: There is a paucity of information on the effect of photobiomodulation therapy on gut micro-
biome composition. Parkinson’s disease is a progressive neurological disorder with few management
options, although the gut microbiome has been suggested as a potential avenue of treatment. We
retrospectively analysed the microbiome from human stool samples from a previously published
study, which had demonstrated the efficacy of photobiomodulation to treat Parkinson’s patients’
symptoms. Specifically, we have observed changes in the microbiome of Parkinson’s patients after a
12-week treatment regimen with photobiomodulation to the abdomen, neck, head and nose. Noted
were positive changes in the Firmicutes to Bacteroidetes (F:B) ratio, which is often interpreted as a
proxy for gut health.
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1. Introduction

Parkinson’s disease (PD) encompasses a broad range of motor, cognitive and be-
havioural clinical signs and symptoms, which vary from patient to patient and complicate
the treatment of individual PD sufferers. The symptoms of PD are managed with levodopa,
often combined with an enzyme inhibitor (carbidopa) to ensure maximum delivery of
L-dopa to the brain and subsequent conversion to dopamine by the remaining neurons in
the substantia nigra. This medication regimen over time may fail to prevent the progression
of the disease; hence, other interventions may be required. Here, we present our data on
the use of photobiomodulation applied to the gut and other areas to target the gut-brain
axis in Parkinson’s disease.

There has been an increasing understanding of the link between the gut microbiome,
the enteric nervous system [1] and a number of diseases, such as kidney disease [2], liver
disease [3] and cardiovascular disease [4]. Acknowledgement of the importance of the
gut–brain axis has increased the recognition of the link between microbiome balance and
brain function. It is appreciated that some bacteria that compose the gut microbiome are
associated with a range of behavioural dysfunctions and neurodegenerative diseases [5].
This is especially true in Parkinson’s disease [6]. For example, dysbiosis of the gut micro-
biome can reduce the number of short chain fatty acid (SCFA) producing bacteria, which
in turn increases local inflammatory signalling [7]. Reduction in SCFA production [8],
reduced gastrointestinal functional and anatomical integrity and a consequent increase in
the movement of bacterial metabolites (e.g., lipopolysaccharide) across the gut wall [9,10]
are all features of PD, resulting in increased inflammation [11].
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Interestingly, local gut inflammation may act as a trigger for the misfolding and
aggregation of α-synuclein in the enteric nervous system [12]. Importantly, α-synuclein has
been demonstrated to be transported from the gut to the brain in mice [13–15]. Vagotomy
has been shown to be protective against PD in mice [15], and truncal vagotomy is somewhat
protective in humans [16]. Up to 90% of PD sufferers have gastrointestinal disturbances
(most commonly constipation) [17], which often begin years before PD is diagnosed [18].
IBD [19] and IBS [20] appear to be risk factors for PD, and in a retrospective study, Lewy
bodies have been detected in gastrointestinal nerve fibres up to 20 years before Parkinson’s
disease presentation [21].

Photobiomodulation (PBM) therapy is the use of narrow-wavelength bands of non-
thermal light (LED or laser) to modulate cellular responses. PBM targets molecules that
absorb light (chromophores), especially cytochrome-C-oxidase in the mitochondria, which
increases ATP production, releases reactive oxygen species and promotes increased mi-
tochondrial membrane potential, as well downstream cellular signalling, including gene
transcription [22,23]. PBM therapy has a been shown to be a non-invasive and safe therapy,
free of deleterious side effects. PBM has a multitude of effects in the body due to its action
at a mitochondrial and cellular level [24].

We have previously shown that PBM treatment applied to the abdomen of mice can
lead to a beneficial change in the microbiome [25]. More recently, we reported that a
combination of PBM treatments delivered to the head, nose, neck and abdomen in humans
has the potential to attenuate or reverse some of the clinical signs and non-motor symptoms
of PD [26], and similar improvements were also demonstrated with remote PBM treatment
to the abdomen and neck, without any transcranial treatment [27]. Information related to
the human microbiome composition is, however, lacking.

The objective of this study was to compare two faecal microbiome samples (pre- and
post-treatment) from a convenience sample of participants in a PD study before and after
they had completed a 12-week course of PBM therapy to the abdominal, head, neck and
nasal areas.

2. Materials and Methods

The microbiome data were assembled from faecal samples collected during a previ-
ously described prospective proof-of-concept study [26] that assessed the effect of PBM
on the clinical signs and symptoms of Parkinson’s disease. The study was approved by
the Griffith University Human Research Ethics Committee (2018/16), registered with the
Australian New Zealand Clinical Trials Registry (Universal Trial number U1111-1205-2035).
All participants gave written consent prior to taking part in the study, which included the
collection of faecal samples.

2.1. Participants

Participant characteristics are given in Table 1. Participants were recruited in January
2019. The participants were males (n = 5) and females (n = 7) aged between 60 and 80 years
(mean age = 70.8, st. dev. 7.79, range 55.6–81.2). All had established diagnosis of idiopathic
Parkinson’s disease (by their respective neurologists), stage I to III on the modified Hoehn
and Yahr scale [28] and a history of stable (unchanged) anti-Parkinson’s disease medications
(if taken) for 3 months prior to entry to the study. All participants were interviewed and
examined by a neurologist to ensure eligibility for enrolment into the study and signed
a written informed consent form. Enrolment inclusion and exclusion criteria were as
previously described [26].

Participants were treated with PBM for 12 weeks as previously described [26,27].
Briefly, participants were treated with a four-diode laser device (904 nm, 30 mW) transder-
mally over nine points of the abdomen in a grid pattern (3.6 joules per point, 32.4 joules
total energy) and over the C1/C2 region of the neck (7.6 joules total energy) as well as
transcranially with four LED diodes (240 joules total energy) and intranasally with a single
LED diode (15 joules total energy). Total treatment time was 30 min. Participants were
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treated three times per week for 4 weeks, followed by twice per week for 4 weeks and
then once per week for 4 weeks (24 total treatments). Full PBM parameters are provided in
Supplementary Table S1. The treatment protocol used Class 1 lasers and LEDs, with no
need for safety glasses.

Table 1. Demographic data of participants in the PBM trial.

Participant Sex Age
Hoehn

and Yahr
Stage

Height Weight
MDS

UPDRS
Score

Dominant
Hand

Affected
Side

Sample Collection
Pre-

Treatment
Post-

Treatment

1 M 71 2 178 78.7 89 R L 6 January 2019 31 March 2019
2 F 74 2 165 68.3 31 R L 6 January 2019 31 March 2019
3 F 78 3 156 76.0 57 R L 6 January 2019 31 March 2019
4 M 75 2 177 75.5 52 R L 6 January 2019 31 March 2019
5 M 67 2 173 78.6 53 R L 6 January 2019 31 March 2019
6 M 63 1 175 76.1 36 L L 6 January 2019 31 March 2019
7 F 53 2 150 48.3 53 R L 31 March 2019 7 July 2019
8 F 72 2 160 61.7 70 R L 31 March 2019 7 July 2019
9 F 57 2 169 53.0 42 R R 31 March 2019 7 July 2019
10 M 69 1 180 77.6 29 R L 31 March 2019 7 July 2019
11 F 61 2 167 67.7 36 L R 31 March 2019 7 July 2019
12 F 71 2 163 61.4 67 R R 31 March 2019 7 July 2019

2.2. Sample Collection

Participants were instructed to not change their dietary habits or day-to-day activities
for the duration of the study. Faecal samples were self-collected by study participants before
the PBM treatment began (pre-treatment) and after 12 weeks of treatment (post-treatment)
was completed. Sample were stored frozen at −20 ◦C until the extraction of DNA.

2.3. Microbiome Analysis

Genomic DNA was extracted and purified using QIAamp PowerFecal Pro DNA Kit
(Qiagen-Venlo, The Netherlands) following the manufacturer’s instructions, except that
tubes were heated to 90 ◦C for 5 min before the bead beating step to increase DNA yield.
Genomic DNA was quantified using a Qubit® Fluorometer, and approximately 10 ng/µL of
the purified DNA sample was sent to the Australian Genomic Research Facility (www.argf.org.
au; accessed 26 August 2019) for amplification of the V3–V4 hypervariable region of 16S rRNA
gene to target bacteria and archaea using primers 514f (5′-GTGCAGAATTGCCCTATCC-3′)
and 806r (5′-GACTACHVGGGTATCTAATCC-3′) and for next-generation sequencing (NGS)
using the MiSeq platform (Illumina®—San Diego, CA, USA).

Generated sequences were analysed for metagenomic bacterial diversity using the
Quantitative Insights into Microbial Ecology 2 (QIIME2) pipeline (version 2021.8; open-
source software; www.qiime2.org) [29] following suggestions on the qiime2 website (https:
//docs.qiime2.org/2019.1/; last accessed 19 March 2021). Demultiplexed paired-end reads
fastq sequences were imported using Casava 1.8 paired-end demultiplexed fastq format.
Primers and barcodes were removed, sequences were quality trimmed to 280 bp, denoised
and chimeras were removed (consensus method) using DADA2. Amplicon sequence
variants (ASVs) were aligned with mafft [30] (via q2-alignment) and used to construct a
phylogeny with fasttree2, using q2-phylogeny [31]. Taxonomy was assigned to ASVs using
the q2-feature-classifier [32] based on Greengenes (version 13_8) at 99% OTUs, trained
using a naïve Bayes classifier [33].

Microbiome community structure was analysed using alpha diversity (within sample
richness) and beta diversity (between sample similarity), calculated using the q2-diversity
plug-in at a rarefaction of 30,000 sequences sampling depth. Alpha diversity was assessed
using the Shannon, Simpson, Fisher alpha, Kulsinski, Chao1, Faith_pd and Lladser_pe
indices. Beta diversity was assessed using PERMANOVA (with 999 iterations) using
weighted and unweighted UniFrac distances. The analysis of composition of microbiomes
(ANCOM) was used to identify any taxa driving changes. Individual genera were further
examined based on their relative occurrence in samples. Genera were only included if they

www.argf.org.au
www.argf.org.au
www.qiime2.org
https://docs.qiime2.org/2019.1/
https://docs.qiime2.org/2019.1/


J. Pers. Med. 2022, 12, 49 4 of 15

represented at least 0.5% of the total microbiome in more than 25% of samples. Differences
between pre-treatment and post-treatment samples were judged to be substantial if a greater
than log2 fold change occurred. Genera were flagged if twice as many participants showed
an increase as showed a decrease or if twice as many participants showed a decrease as
showed an increase.

3. Results

All study participants and caregivers reported no major deviation from their usual diet
and activities of daily living during the 12-week study period. A total of 24 faecal samples
were included from the 12 participants, before and after 12 weeks of PBM treatment. From
these samples, 4,537,843 sequencing reads were obtained. The sequences were denoised to
1,539,775 sequences and grouped into 2939 separate “features” with between 30,193 and
90,956 features per sample.

The most abundant phyla (Figure 1) were Firmicutes (62.64%), Bacteroidetes (22.14%),
Proteobacteria (10.99%), Actinobacteria (3.48%) and Verrucomicrobia (3.44%). The remain-
ing phyla combined accounted for less than 2.5% of the microbiota. The relative abundance
of Firmicutes, Proteobacteria and Actinobacteria decreased after treatment, and the relative
abundances of Bacteroidetes and Verrucomicrobia increased after treatment (Figure 2A).
The average Firmicutes:Bacteroidetes ratio was 4.60 before treatment and 1.58 after treat-
ment, with 9 of 12 participants showing a decreased ratio (Figure 2C). Equal numbers
of participants showed a log2 fold increase or a log2 fold decrease in abundance in both
Firmicutes and Bacteroidetes phyla (Figure 2B).
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Figure 2. Changes in the abundance of phyla in the gut microbiome of PD participants after 12 weeks
of treatment with PBM. (A) Abundance of phyla. (B) Heatmap of changes in phyla for individual
participants. (C) Firmicutes:Bacteroidetes ratio.

The total number of genera detected was 172 (Figure 3), with the 10 most common
genera accounting for over 60% of all genera and the 20 most common genera accounting
for 82%. Almost half of the 172 genera detected (76, or 44%) could not be identified to genus
level, including 6 of the 10 most common genera. The changes in microbiome composition
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are shown as a heatmap in Figure 4 for the most abundant genera. For all participants,
59.5% of the genera showed a greater than log2 fold change, 24.9% of the genera showed a
greater than 5 log2 fold change and 4.8% showed a greater than 10 log2 fold change, post-
treatment compared to pre-treatment. Genera that were flagged as increased (>log2 fold
increase in twice as many participants as those that showed a decrease) included a number
of Bacteroidetes genera (Bacteroides, Alistipes, Macellibacteroides, Barnesiella, Odoribacter
and an unidentified Bacteroidales genus). Non-Bacteroidetes genera flagged as increased
included Paraprevotella, Succinispira, Bilophila, Anaerosinus, and Anaerotruncus. Genera that
were flagged as decreased (>log2 fold decrease) included Gemmiger, Clostridium cluster XI
(2 genera), Coprococcus, Methanobrevibacter (archaea), Enterococcus, Eggerthella, Paraeggerthella,
Olsenella, Lactonifactor, Actinomyces and Synergistes, as well as unidentified genera from
Ruminococcaceae, Bacillaceae, Coriobacteriaceae, Erysipelotrichaceae and Firmicutes. No
phyla, family or genera was statistically different between the pre- and post-treatment as
measured by the ANCOM statistic.
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Figure 4. Heatmap of changes in relative abundance of genera for individual participants. Colours
represent the change in relative abundance expressed as log2 fold change of post-treatment compared
to pre-treatment.

Alpha diversity as measured using multiple indices, including the Shannon index,
did not show a significant change between pre- and post-treatment, with the exception of
Faith’s Phylogenic Diversity (Faith’s_pd) index and Lladser point estimate (Lladser_pe)
index, which were both significant at p < 0.1 (Figure 5). Beta diversity, as measured by the
unweighted UniFrac statistic, did not indicate a significant difference between pre- and
post-treatment (p = NS).
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measure of beta diversity (p = NS).

4. Discussion

To our knowledge, this is the first study that has demonstrated that the application
of PBM is potentially capable of altering the microbiome in individuals with Parkinson’s
disease. Our study supports previous work that has shown that PBM produces benefi-
cial changes in the gut microbiome in a mouse model of PD [25] and produces favourable
changes in gut microbiome diversity in a patient undergoing radiotherapy and immunother-
apy for breast cancer [34], with an increase in the number of known beneficial bacteria and
a decrease in the number of potentially pathogenic genera.

The changes seen in the microbiome at the phylum and genus levels could not be
attributed to significant changes in any taxa, when tested with ANCOM. There was,
however, an array of changes in individual microbial taxa after PBM treatment, with some
phyla and numerous families and genera showing either an increase or a decrease of greater
than log2 fold in many of the participants.

The changes seen at the phylum level (decreased Firmicutes, increased Bacteroidetes)
are reflected as a change in the Firmicutes to Bacteroidetes (F:B) ratio. It is frequently
reported that a higher ratio is characteristic of poorer gut health and is associated with
obesity and an increased inflammatory state [35] and ageing [36] although not all studies
have found this [37]. While an association of this ratio with neurodegeneration is worthy of
consideration and the ratio was found to be reduced in patients with amyotrophic lateral
sclerosis [38,39] and depression [40], a review paper [41] evaluating microbiomes among
PD sufferers found no significant differences in the F:B ratio.

To date, four non-pharmacotherapeutic interventions have been suggested to slow
the progression of PD via manipulation of the microbiome [42], these being diet, pro- and
prebiotics, antibiotics and faecal microbiota transplant [43]. Based on our findings, PBM
is a potential novel fifth intervention and may complement new and existing treatment
strategies. PBM using laser light represents a non-invasive, safe alternative to target
microbiome changes. PBM has been demonstrated over many years to be safe for a
variety of medical conditions, including neurodegenerative diseases and traumatic brain
injury [44] as opposed to PD medications, which are frequently associated with a multitude
of side effects, adversely affecting quality of life [45]. PBM treatment remote from the
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site of an injury or disease has also been shown to be effective, potentially by activating
stem cells [46,47], circulating cell-free functional mitochondria [48], circulating chemical
messengers or “mitokines” [49] and/or through immune modulation [24]. To this list, we
might now add changing the microbiome as a potential mechanism. Remote treatment
is especially significant in PD, since the site of neuronal damage in the brain (substantia
nigra) is beyond the limit that light can readily penetrate when delivered transcranially
and the gut microbiome is often suggested as an appropriate target for PD therapy. As a
potential therapy, PBM would ideally be commenced as early as possible in the disease
trajectory, before the severe reduction or complete elimination of beneficial bacteria from
the microbiome (including by medications) and may best be combined with diet, pre- and
probiotics or faecal microbiota transplant to restore microbiome genera.

There are numerous cross-sectional studies that report significant differences in the
abundance of certain bacteria taxa between PD and the general population, although as
yet, there is no universally accepted microbiome signature of PD. Nonetheless, a list of
bacterial genera can be compiled that are either underrepresented or overrepresented in the
gut microbiome of PD sufferers. Multiple clinical studies have shown higher abundances
of Akkermansia, Bifidobacterium, Ruminococcaceae and Lactobacillus as well as potential
pathogens such as Streptococcus and genera of the family Enterobacteriaceae, such as
Escherichia–Shigella, Enterococcus and Proteus [6,10,50–54]. Other genera that have been
shown to be increased in PD sufferers include Oscillibacter, Porphyromonas, Anaerococcus,
Megasphaera and the archeon Methanobrevibacter [6,50,53]. Genera that produce SCFAs,
which generally are recognised as being beneficial to the gut microbiome, and which have
been shown to be reduced among PD patients include Bacteroides, Clostridium cluster IV,
Faecalibacterium, Roseburia, Moryella and genera of the family Leptospiraceae [6,50,53].

Although changes in the microbiome can occur over the timescale of hours, related to
diurnal rhythms and food intake, and over days, related to diet change and xenobiotic inges-
tion (including medications) [55], the microbiome of healthy adults can remain stable over
long timescales [56–58]. It might be expected, however, that a dysfunctional microbiome
associated with PD would worsen as the disease progressed. Notwithstanding the multiple
studies that have compared the microbiome of PD and healthy controls, few studies have
assessed changes in microbiome in PD over time. One study [59] did not find significant
changes in the microbiome of a small cohort (29 participants) over a 2-year period, although
there was a suggestion that Prevotella was negatively associated with disease progression.
An earlier study on 36 PD sufferers [60], using real-time PCR rather than next generation
sequencing, found that lower counts of Bifidobacterium, Bacteroides, and Clostridium cluster
VI were associated with a more rapid deterioration. A 3-year follow up of 25 PD sufferers
found an association between the lower levels of Roseburia and Faecalibacterium and higher
levels of Actinobacteria and Oscillospira with worsening motor, non-motor and cognitive
symptoms [61].

In our study, we have shown that although PBM treatment over 12 weeks did not
result in significant changes to the microbiome composition, there was a trend towards a
reduction in certain genera and an increase in others. These changes were highly individual,
which is unsurprising given the individuality of even healthy microbiomes [62], as well
as the individual nature of PD symptoms, individual medication regimens, the stage of
disease and participant response to the PBM therapy and reduction of symptoms.

Some of the trends seen in our present study are associated with an increase in benefi-
cial bacteria. One general trend is the increase in genera within the order Bacteroidiales.
The genera Bacteroides, Alistipes, Barnesiella, Macellibacteroides, Odoribacter and an uniden-
tified Bacteroidales genera were all flagged as having an increase in many participants.
Bacteroidales are considered to be anti-inflammatory, are producers of SCFAs and are more
common in the microbiomes of people with high-fibre diets [63]. The genus Bacteroides is
generally considered a component of a healthy microbiome, being increased in high-fibre
diets and decreased in high-fat diets [64] and is generally found to be decreased in the mi-
crobiomes of PD sufferers [52,65–67]. A positive association between SCFAs and Bacteroides
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has been observed in microbiomes of control groups but not in PD patients [59]. Barnesiella
and Alistipes are also considered to be components of a healthy microbiome [68] and a
reduction in Odoribacter has been associated with various metabolic diseases [69]. Other
(non-Bacterodiales) genera that showed a trend to increase included the SCFA-producing
genera Paraprevotella, which can be reduced in PD patients [54,70], and Succinispira.

The Ruminococcaceae and Lachnospiraceae families have genera that produce SCFAs
and are considered anti-inflammatory and beneficial to the human microbiome. These
include the Ruminococcus, Roseburia, Faecalibacterium, Butyricicoccus and Gemmiger genera as
well as Clostridium cluster IV and Clostridium cluster XIVa [71]. In the PD microbiome, these
groups have been found to be increased in some studies (especially the Lachnospiraceae)
and decreased in others [6]. In our study, these genera were generally increased and
decreased in equal proportion, except that Gemmiger showed a trend towards decreasing
in participants. Although Gemmiger is a butyrate producer and is often found in the
microbiome along with Roseburia, it has also been associated with some cancers, Crohn’s
disease relapse and non-alcoholic fatty liver disease [72].

Lactobacillus and Bifidobacterium are usually recognised as probiotic genera and have
been shown to be anti-inflammatory in the gut and to be beneficial in a variety of condi-
tions, including stress, anxiety, autism and depression [73]. Somewhat paradoxically, both
have often been reported as being increased in PD [6], including in a recent study that
analysed large PD microbiome datasets [54] and a recent meta-analysis [53]. In our study,
Lactobacillus was present at low levels in the gut microbiomes of our PD participants (0.08%
on average) and was decreased in participants after PBM treatment. Approximately equal
numbers of participants showed an increase as showed a decrease of Bifidobacterium after
PBM treatment.

Many bacterial genera that have been shown in multiple (cross-sectional) studies to be
increased in PD microbiomes and might be considered as potential signatures of PD [6,67]
were either not found in our study (e.g., Oscillibacter, Megasphaera, Porphyromonas) or were
found in very low numbers (<0.01%) such as Cloacibacillus, Anaerotruncus and Anaerococcus.
The archaeon Methanobrevibacter, which is generally recognised to increase in PD [53] and
also shown to increase at each Hoehn and Yahr stage [51], showed a trend to decrease in
our participants.

Several studies have advanced the proposition that an increase in pathogenic or
potentially pathogenic bacteria can be characteristic of the PD gut microbiome [54,74,75] and
genera acknowledged as detrimental have been found in some studies to be increased in PD.
Clostridium cluster XI is a group of potential pathogens, which includes Clostridium difficile,
that is associated with a high-fat diet and type 2 diabetes [76]. In our study, two genera were
identified within this group, and both genera showed a trend to decrease in participants
following PBM treatment. This trend was also observed for other potential pathogens:
Streptococcus, Enterococcus, Actinomyces, Eggerthella and the closely related Paraeggerthella.

Given the importance of altered gut microbiota in PD sufferers, any improvement
in the bacterial balance has the potential to assist in the stabilisation of PD symptoms.
The observed changes to the gut microbiome of participants in this study, whose clinical
signs and symptoms also improved with PBM, lend support to the important role of
microbiome changes in PD. PBM has been shown to alter the microbiome in a mouse
model, both in healthy mice [25] and in animal models of Alzheimer’s disease [77,78] and
osteoporosis [79]. In humans, one possibility is that the change in the microbiome with
PBM could be a primary effect, either acting directly on the bacteria or as a result of the
anti-inflammatory effect of PBM, counteracting inflammation in the gut [80] and, hence,
reducing dysbiosis-induced gut leakage.

A second possibility is that the changed microbiome is a secondary effect of improve-
ment in the symptoms of PD and the subsequent communication from the brain to the gut.
It is interesting to note in this context that there is a suggestion that deep brain stimulation
can change the gut microbiome [81]. The end result of either possibility is a changed,
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possibly healthier, microbiome, which would have positive effects for the trajectory of the
disease. The mode of action of PBM to change the microbiome merits further investigation.

This study was preliminary in nature and suffers from a number of limitations, includ-
ing the lack of a control group, small numbers and heterogeneity of the participants with
regard to Parkinson’s symptoms, as well as a lack of information on dietary habits of the
participants. These shortcomings would be addressed in a future larger-scale study. Despite
these limitations, our results suggest that PBM treatment can influence the microbiome in
Parkinson’s disease.

5. Conclusions

We have seen changes in the microbiome of Parkinson’s patients after a 12-week
treatment regimen with PBM. Specifically, the F:B ratio, which is often interpreted as a
proxy for gut health, improved for the majority of participants with PBM treatment. While
there were no significant changes in microbial diversity and microbial taxa after PBM
treatment, there was, however, a trend toward microbiome changes, including increases
in some SCFA-producing bacteria, increases in genera recognised as beneficial to the
microbiome and decreases in potential pathogens and some bacteria recognised as harmful
to the microbiome. The microbiome of people with PD is complex, highly individual and
potentially influenced by many factors such as diet, lifestyle and medications, as well as
disease state, comorbidities and stage of Parkinson’s disease. Investigation of the response
of the microbiome to PBM treatment is worthy of further study in prospective, controlled
clinical trials, in order to confirm the relationship of PBM and microbiome changes in PD
patients and investigate the potential of targeting the gut microbiome with PBM as an
avenue into the treatment of PD.
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